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Abstract

This paper studies the quantile estimation by using the link function under a broad family of
asymmetric densities known as a generalized quantile-based asymmetric family. We proposed
a link function and quantile estimation in regression settings. The estimator’s asymptotic
properties of the estimators are also discussed here. To demonstrate the proposed methods for
estimating the quantile function, an actual data application including the proportion of daily
SARS-Cov-2 infected persons tested for COVID-19 infection and meteorological factors such as
temperature and humidity is included. We discovered that the amount of daily SARS-Cov-2
infected people tested for COVID-19 infection is significantly influenced by temperature and
humidity.
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1 Introduction

Regression is one of the fundamental statistical tools that determines the strength and nature of the
relationship between a set of response variables and a set of covariates. The mean regression focuses
on an average relationship between a set of response variables and a set of covariates. It provides a
single characteristic of a conditional distribution. It performs better results with nice mathematical
properties for symmetric distribution (e.g., normal distribution). It is also not suitable when the
data comes from the skewed distribution (see, for example, [1]). In regard to parameter estimation
(or in general statistical inference and asymptotic properties) for a given distributions, a convenient
class of families is the exponential family where the response variable Y given a covariate X is as
follows

Frix@IX =) = exp (W20 4 o(y; ), (L1)

where a(-), b(-) and ¢(-,-) are measurable functions (see, for example, [2]). The parameter function
0(-) is called the canonical parameter and ¢ is a scale parameter.

m(z) = E(Y|X =z) =b'(6(x))
var(Y|X = ) = a(¢)b' (0(x))

The function g(b') ™!, which links the mean regression function to the canonical parameter function
()" (m) = 0 is called the canonical link.

However, the mean regression is highly influenced by extreme values. It is not usable when the
quantile of the conditional distribution is the main interest (see, for example, [3]).

Therefore, [4] provided tick exponential family, whose role in the conditional quantile estimation is
analog to the role of the linear exponential family (1.1) in the conditional mean estimation. The
general form of the tick exponential family for y € R is given by

ot =a - { CRECOVIRTT s

It is noted that the tick-exponential family (1.2) is only used for the whole real line continuous
variable. It is not useful for boundary response variables. Beside of this, the asymmetric Laplace
is the only member of this family.

On the other hand, [5] proposed quantile regression which minimizes the tick function. It provides
full characteristics of the distribution. This quantile regression is actually nonparametric because
it does not need the underlying parametric assumption. It is more robust to outliers than mean
regression. It is the only regression tool which is used for finding the effect of the covariate on
different quantile level of the response variables. A nice discussion of quantile regression is presented
by [3]. There are many problems that arise in nonparametric quantile regression due to the unknown
underlying distribution. For example, crossing problem in quantile curves which leads to invalid
inference, less efficiency etc.
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Recently, [1] proposed the generalized quantile-based asymmetric family for any continuous variable
Y which takes the form

20(1 —a)g'(y) | F{AL—a) (W)) if y<n
) f(a (g(y);g(n))> ity >,

where 7 is the location parameter and the ath quantile of Y and ¢ is the scale parameter. The
speciality of family (1.3) is the location parameter(n) is a specific quantile of this family. There are
many members of the family available in the literature such as asymmetric normal, asymmetric
Laplace, asymmetric ¢t and at least three big families that are subset of this family e.g, tick
exponential (see, [6]), asymmetric power family (see, [6]), quantile-based asymmetric family (see,
[6]). For any 8 € (0,1), the Sth-quantile of Y equals

faly;n o) = (1.3)

g7 (90 + 5 P () it f<a

FI7 (B, ¢) =
VI o 20 (45) o sea

with in particular {F2}~'(a;n, ¢) = 1. In the regression setting, the family (1.3) can be written as

2a(1— o)) [ £ (0= (5540)) ity <

e f (o (s5eeny) ity >n(l’)7)
4

{favixWin(@), o(x)| X = z) =

—~
—_

where 7(x) and ¢(z) are now the function of the covariate(s) z. In the setting of (1.4), the Sth-
conditional quantile function of Y given X = x (with (0 < 8 < 1)) is then

{FY 1 x .o} (Bin(a), d(@)le) = g7 (g(n(2)) + ¢(2)-Ca(8))

where
CalB) = —L F (%) 18 <a) + LF (%) 18 > a).

11—«

With F~! the quantile function associated with the reference symmetric density f. The quantity
Ca(p) is known as a constant and is a monotonic function of 8. The family (1.3) depends on two
vital elements:

e the reference symmetric density f and

e monotone strictly increasing link function g.

When the link function is identity (i.e., g(y) = y) then family tends to quantile-based asymmetric
family given in [6]. In this study, the reference symmetric density f is assumed to be known. So
the main focus is to estimate the link function g.

The link function is a crucial element in semiparametric quantile regression under the generalized
quantile-based asymmetric family (see, [1]). It allows to explain any type of continuous response in
terms of covariates. Besides, estimating the maximum likelihood estimator for unconditional setting
and local likelihood estimator for conditional setting, the link function should be known (see, [1]).
Usually we assume that, the link function in semiparametric quantile regression is known. For
example, identity link, logit link, log link, canonical link, reciprocal link etc. But in real life data
application, the link function is unknown. So it is very important to estimate link function.
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Alternatively, logit-type link function could be a solution. So, in this research, we focus on the
study of different link functions in semiparametric regression.

The main contribution of the study is to estimate the link function of the generalized quantile-based
asymmetric family in regression settings. Section 2 presented a logit-type link function and derive
its distribution. The estimation of the logit-type link function in conditional settings is described
in Section 3. The real data application is added to demonstrate the proposed methodology. The
concluding remarks are added in the final section.

2 Logit-type Link Function

Let the density of Y is a member of the generalized quantile-based family of distributions, and G is
a distribution function of Y. Suppose g be a logit-type link function of Y depends on G such that

o) =ogi(G() = tn (9505 ). 2.1)

If we know the distribution function of GG, we can easily derive the logit-type link function by using
(2.1). The distribution of logit-type link function for quantile estimation in (2.1) has been studied
in [7].

If n is the ath quantile of Y and g is the monotone strictly increasing link function, then g(n) is
also the ath quantile of Z = ¢g(Y') (see for example, [3]). By introducing the ath quantile parameter
1 € R and a scale parameter ¢ > 0, we get

) it 2>
20(1 — @) (1+€_a(2;u))2 S
fa(z;ﬂv ¢) = T C(l—a)(EZ2) (22)
e ° if z<up,

p—zy\2
(1+e’“’““ = ))

where F; ' (a) = p. The density given in (2.2) is denoted by ALD(u, ¢, @) and called quantile-based
asymmetric logistic density (ALD) proposed in [6]. We can easily find the quantile function of Z
which is

? 2a .
_ w— 2 In(2¢ — 1) ; if B<a
Ial = 1 @ E .
(#) {pzln(ﬁ_lmﬁ_,_l) ;o if B> a.

3 Estimation of Logit-type Link Function for Conditional
Setting

Let the density of Z; is the link function of quantile-based asymmetric family of logistic distribution
and F' is distribution function of response y;. The different link functions are presented in Fig.1 for
the different densities.

Z;=1In (&Z))), where, Z; ~ ALD(u, ¢, )
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In conditional setting, the link function Z; is now function of covariate X; takes the form,

F(ylX)

Zi| X; ~ ALD ; h Zi|Xi =In (——=——).
l‘ 7 (,u(x),qb(x),a(a:)), wnere, 1| K n(l—F(y|X))
Where,
w(X)eR, ¢(X)eRanda € (0,1).
The parameters are defined as,
0, (X) = Xﬂl = ,U,(X) cR
02(X) = XB2 = In$(X) € R
03(X) = XBs = In 12505
o 4 f,.._-’av.-""{'{fi £
= - o= ""7“:—;? = -
= Il‘r. - --- Normal | 5
: h rd S;;rl’: b : b — ;%onrzmwal
] v = tdist s = e woibull
B I — - gumble e L e - =+ lognormal
. | Laplace Iy e chi square
‘I o "ﬁ' f‘/ ===+ uniform
-0 ] 0 5 10 0 2 3 g z 10
¥ b

Fig. 1. Link function curve for (a). the real-valued random variable; (b). the
semi-infinite supported random variable

Where,
Zl M1 X11 X21 ...Xpl
Z2 1 X12 X22 ...Xp2
z=| . X = . . . .
Zn i 11 Xin Xon ...Xpn X (p1)
[Bjo
Bij1
and B, = |Pi2 j=1,2,3.

Bind (panya

We now turn to the regression setting involving one covariate. For conditional density of Z given
X = x we consider the density fz|x(-;61(x),62(x)) in (2.2) and allow 61, 62 and index parameter o
depend on x (See the density plot of ALD is given in Fig. 2). This leads to the conditional density
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[ (EECSIYES eel(x))]

exp 1+593(X) 02 (X) it Z> £01(%)
e§(X) (Z= 91 (X)
[1+e"p( (e =) (T ))]
fz1x,05x)(Z;01(X),02(X)) = C e el(i) . (3.1)

exp —(Hes?,(x) L02(X) )] 7 < X
201 (X) — )

[1+eXP( ()8 lgz(x)%)]

where,
2¢93(@)

C= (1 + e%())2¢b2(x)

The conditional likelihood function for 8(z) = (u(z), (z), a(x))” can be written as

0) = [ [ fz1x.05x)(Z; 61(X), 02(X))

=1

fe(2:0,1)

0.00 0.02 004 0.06 0.08 010 0.12

Fig. 2. The density plots of a quantile-based asymmetric logistic distribution with «
= (0.15, 0.25, 0.50, 0.75, 0.85)th Quantile of y = 0 and ¢ = 1

The conditional likelihood function for 8(z) = (u(z), ¢(z), a(x))” can be written as

InL =Y "log fz1x.05x)(Z;01(X),05(X)).

i=1
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Fig. 3. Cumulative distribution function (left) and quantile function (right) for p =
0, $ = 1 and a = (0.25, 0.50)

For simplification we use, [ = In L
" ef(X) _ Z;

o 2% (X) 0 1
1(61(X), 02(X),03(X); Z;) = nln (m) —nb(X) — e ._E 1 02X
n 01(X) _ 5.
< 01(X) 3 __¢€ i
[(zi<en —22 I (1 oxp (= G mea)neo)

i=1
03(X) n ) 01(X)
Lo X)) € Zi—e o (X
IZise 14 %X Zl 14> e )
n (Zi _ e91()())693()() A 01(X)
_22111 (1+exp(— (1T @)l (X) )I(Zz>e ).

i=1

2¢XBs 1 neXB _ g,
‘ Z : X B2 I(Zi < exﬂl)
e

I(XP1,Xp2,Xfs,) =nln (m) -

n exﬁl —Z; < X5,
1=1

XB3 n . XB1
€ Zl — € X 31
E oX5s [(Zi >e )

14 eXPs —

(Z; — eXPD

X3
=23 (L e (= ey ) 12> 7).
i=1
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3.1 Asymptotic properties of estimators

Differentiating the liklihood function with respect to 51, B2 and 3 we get,

K 1(1 ( &) KeXBs
551 - Z 65 Zn + exp (1 + XPs)XPs — Ke

Zi - 6xﬂl 1) (ZZ - 6Xﬁl>e 3
Z eXB2 _2ﬁ ;hl (1+6Xp(— (1+6X53)6X52 ))’

=1

ol eXP _ 7,
582 _nX+KZ Zln <1+eXp (1+6xﬁ3)ex32)
" g  (Zi - XB1)e* 3
X : 4 i
+ Ke™ Z exﬁz Zln (1 +exp ( (1 + XPBs)XP2 )

i=1

5l KeXhs eXh _ 7, § < eXh _ z,
Ly _92. 2 %7 (1 e 4
B () ; w2 2 (e (- o)

Xp
T Coigs iz'_e Zl (1+ Bl i 3))
(1+cXPs) 2o oXPa n 1+ exp (1+ eXP3)eXp2 /)’
r
Q2 _
2
wn =7
o ]
~N
< ] k]
(=1 E ‘T 5t
£ E
e 3
8 2
S - 57
[«
:: "
|
g
—I4 _I2 6 é :1 0!0 0‘.2 0..4 0.‘6 0!3
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Fig. 4. (a). Histogram and fitted density estimate (solid red line) of the uniform
logittype transformation of the proportion of daily SARS-CoV-2 infected people
(left); (b). the estimated quantile function (right) the uniform logit-type
transformation of the proportion of daily SARS-CoV-2 infected people

Now, the partial derivatives with respect to 51, B2 and (3 is given by,

1 - Cxﬁl — Z»L
551562 =KX Zz: eXﬂz 255’1[‘32 Z:ln (l—l—exp(— (1+ex53)exﬂ2)

7. — XB1 (Z- _ exﬁl)exﬁ3
X 33 2 2
e G Z . éﬁlﬁz Zln (1 +exp (- e ).

i=1 i=1
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2 _ XpB3 Xp1 _ 7. n XB1 _ 7.
0l _ KXe Ze 21_2 1) Zln(l—i—exp(— e ZZ )
0B10fs 1+ eXPs o XA 56183 (1 4 eXB3)eX 52
KXeXBs I Zi — Xp1 n Zi — Xp1)eXF3
+ = Z = -2 d Zln(1+exp(——( c ,
1+ eXBs — eXB2 55153 — (1 + exﬁs)exﬁz
sl —KeXP L X0 7, - eXP _ 7,
= L) 1 (1 ¢~ 4
6,32563 1+ eXBs ; eXB2 6,82,83 ; n T exp ( (1 + 6X53)6X52 )
K(eX83)2 2 s — Xp n - X B1)eXP3
_ K(e™) ZZ ¢ 9 0 Zln(1+exp(—(ze—) ,
1+ eXB3 pat eXB2 6ﬂ2ﬁd pt (1 + exﬁii)exﬁz
5% S § — X — 7,
= _KX L9 1 (1 L -
61° ; eXp2 08283 ; n 1+ exp (1 4 eXB3)eXb2 )
"\ Z; — eXP 5 (Zi — KB
— kXX 3 2 —2 In (1 Sl
€ ; XPB2 5255 ; n (1+exp ( (1 + eXPBs)XP2 )
521 "L X g, § — eXP _ 7.
= -KX ) In (1 St
6,622 ; eXB2 5[322 ; n|l+exp ( 1+ ex53)6X52 )
"7 — Xbh1 5 n (Z; — exlﬁ)exﬁ?’
_ X33 ) _ _ i
KXe ; ex52 26ﬁ22 izzlln (1+exp( (1+@X33)6Xﬁ2 )
8’1 2KnX KXe*XPs Kx(exﬂs)Q] z": e — 7,
5B32 - 1 + exﬁs 1 + eXﬁB (1 + 6X'B3)2 p GXBQ
5 X0 — 7, KXeXPs KX (eXPs)?
_ 275&2 ;ln (1 +exp (— 0+ ex53)6X52) + [1 T oXhs + (14 XPs)?

xp
i Z 9 0 zn:ln(1+e p( (Zi — X
_ xp(— 24—
P eXB2 552> pt (14 eXBs)eXb2 /)’
_ X
where, K = Trox7s -
B
It can be shown that, for large sample |3; |~ N(3,%71),
B3
where,
5212 521 521
5 5(,?21[ 55(;251/32 5,35125lﬁ3
- 2
éﬁgglﬁz 6531 5B§2§l,83
6831683 082683 5832

After differentiating the conditional log liklihood function, we have noticed that the derivatives are
non linear and complex. That’s why, for estimating parameter we have used a R package QBAsyDist
which is introduced by [6]. In Section 3.2 we have applied a real data for illustrative purpose.
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Fig. 5. (a). Estimated quantile function of Y ; (b). The QQ-plot (right)

3.2 Real data application

For illustrative purposes, we consider the daily proportion of severe acute respiratory syndrome
coronavirus 2 (SARS-CoV-2) infected people who have tested for Coronavirus disease (COVID-19)
infection from August 3, 2020 to February 12, 2021 in Bangladesh. The number of daily new SARS-
CoV-2 infected cases and daily new tested peoples are reported by the Institute of Epidemiology
Disease Control and Research (IEDCR), Dhaka, Bangladesh. The data are available on the website
with web-link https://covid19.who.int/. It is observed that on average each day, 13.61% of peoples
are infected who have tested for COVID-19 infection. Notice that the daily proportion of SARS-
CoV-2 infected people (Y) is a bounded variable with support [0, 1].

For the bounded random variable, we can not directly compute the quantile function of the
distribution. Therefore, many authors including [8] and [9] used the uniform logit-type link function
in quantile estimation (See Fig. 3 for the cdf and quantile function of Y.). That is the link function
is Z = logit(G(Y)), where G(y) = (y—a)/(b—a). We also consider this link function to estimate the
quantile function of the proportion of daily SARS-CoV-2 infected cases among the people who have
tested for COVID-19 infection on that day. In Section 2, we have shown that the distribution of Z
is a quantile-based asymmetric logistic distribution given in (2.2). The data and quantile function
of Z are presented in Fig. 4. The quantile function of Y and Q-Q plot are presented in Fig. 5.

For the uniform logit-type link function for this data set, we consider a as the minimum proportion
of infected people minus k£ and b as the maximum infected people plus k, where k is very small
number. In this case, we use k = 0.01. To add (subtract) a small value of k to b (a) to avoid the
zero value of denomination (numerator) in the logit-type link function. The resulting link function
isz=g(y)=In ('Z%Z) for y € (a,b). Using this link function Z = ¢g(Y'), we estimate parameter
0 = (u, ¢, )T of the distribution of Z via the method of maximum likelihood estimation Figs. 4
and 5.
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The daily proportion (Y) of SARS-CoV-2 infected people who have tested positive for COVID-19
infection is considered a response variable, and the daily temperature (X;) and humidity (X3)
are considered covariates from August 3, 2020 to February 12, 2021 for illustrating the proposed
method.

The data of daily temperature and humidity is available on the website
https://www.timeanddate.com /weather /bangladesh/dhaka. In this case, the parametric functions
can be written as

01(X) = XB1 = 1o + f11 X1 + Br2Xo,

02(X) = X2 = exp(fa0 + f21 X1 + B22X>),
exp(Bso0 + F31X1 + B32X2)

03(X) = Xfs = 1+ exp(Bs0 + B31 X1 + B32X3) "

Table 1. The summary statistics of the estimators for estimating u(X; 51), ¢(X;582)
and a(X;(33) and the p-values obtained by using Bootstrapping

w(X; B1) 6(X; B2) a(X; B3)

B1 B1 (se(ﬁl)) P-value Ba Ba (56(,@2)) P-value B3 B3 (55(63)) P-value
Bio  2.3414(0.3994) 20.005 | Ba2o 1.0759(0.3160) 0.006 | Bao  0.3947(0.5239)  <0.0001
B11 0.7312(0.6943)  <0.0001 | Ba1  0.02031(0.2076)  <0.0001 | Bz1  0.0641(0.2431)  <0.0001
Bi2  0.7514 (0.4129) 0.008 | B2  -0.0901(0.2836) 0.064 | B3  0.0166(0.2844) 0.424

The estimated parametric functions can be written as
(X Br) = 2.3414 4 0.7312X, + 0.7514X5,
b(Xs; B2) = exp(1.0759 + 0.02031.X; — 0.0901X>),

G0 By) —  CXP(0:394 + 061X, +0.0166.X:)
B8 T T ¥ exp(0.3947 + 0.0641X; + 0.0166X3)

Table 1 shows the summary statistics of the estimated models. Regression coefficients for the
temperature and humidity significantly impact the daily proportion of infected cases for the estimated
function (X, B1). For estimated ¢(X, 32), we see the regression coefficients for only temperature is
statistically significant. Similarly, for a(X, 33), we observe that temperature is highly statistically
significant but humidity is not at 5% level of significance.

4 Concluding Remarks

In this research, we study the theory of quantile regression using a generalized quantile-based
asymmetric family of densities. We provide the theory of logit-type link function for estimating
quantile function in regression settings. In regression settings, we consider the response variable
is the proportion of daily SARS-Cov-2 infected people tested for COVID-19 infection and two
covariates: temperature and humidity. We noticed that the temperature and humidity have a
significant impact on the proportion of daily SARS-Cov-2 infected persons tested for COVID-19
infection.
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